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Abstract Bridge 2: Input Hyperbolic RT, Label Parabolic RT
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between linear and parabolic RT spaces. The outcomes - ln:)_utlabel

llustrate that the U-Net has a certain capability in predicting
and attenuating ground roll. However, persisting challenges Figure 2: Bridge 2 as the workflow that uses Parabolic RT as label
lie In completely isolating reflections from the ground roll
due to shared features within the Linear RT space,

compounded by spatial aliasing and the irregular geometry Example 2: Hybrid RT
inherent in field data. ‘"

Example 1: RT Bridge

Figure 5: Hybrid RT one channel workflow: Spring Coulee shot gathers are the input data
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(a) Workflow: Hyperbolic RT lgt——————ay i | _ / ——— \ filtered In Vista to approximate a label ~reflections only. Then the Hybrid RT (inverse
Inptt Haita operator) is applied to generate the hybrid panels of the input (c) and label (d) to feed the U-
T =~ — Net (e). The network then predicts, after training, the hybrid panels with ~reflections only (f),
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(b) Workflow: Sparse Hyperbolic RT Figure 3: Synthetic shot (using the convolutional model) with reflections only (a) and
Input data with ground roll (a') using velocity model and geometry from Spring Coulee field data;
- ] = Hybrid (Linear and Parabolic) RT of reflections only (b) and its reconstruction (c). Hybnd
I\ | = Sl e RT of reflections and ground roll (b') and its reconstruction (c').
i 351 1 1= o
; " | . % H _l._“ f 2 ortingl | | “f?r q _ - b : ;
1000 2000 3000 4006 5000 6000 . RadonParameter (sec/m2) - -, i i e 7 A00e i i (d) shot reconstruction using Linear label (2 channels) (e) shot reconstruction using Parabolic label (2 channels)
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(c) Workflow: Parabolic RT ) ] — | A e e S label.
Input data (b) model: Hybrid RT (c) data reconstruction: shot
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