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What Data Science and
Machine Learning are?
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https://www.argility.com/argility-ecosystem-solutions/industry-4-0/machine-learning-deep-learning/
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https://www.datanami.com/2016/01/14/as-data-science-evolves-its-taking-statistics-with-it/
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https://www.software.slb.com/products/petrel/petrel-core-systems/geoscience-core
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http://www.americanoilgas.net/aog/index.php/operations/horizontal-drilling

Our domain of knowledge

Oil & Gas
Geoscience

Selsmlc Reservoir “Reservoir
WeII Logs
Grawmetry Product|°7
~ Rock ™~ Geology

Physics

Geophysics Petrophysics




CREWES
Data Science
Initiative



Types of Projects

Short-term:
1to 4
months

POC (proof of concept)
Student/industry training

Mid-term:
5to 12
months

Thesis chapter(s)
Publications

Long-term:
1+ years

Thesis
Publications
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People

All CREWES grad
students and staff*



courses

Basic Programming
v’ Python
v R
v MatLab
ML Programming
v General cases
Custom ML Programming
v’ Sponsor specific

Mentorship

12



YOU GETA MIil}IlINE LEARNING

T —

EVERYONE GETS A
e MACHINE LEARNING

s

vn!l*nmncnmi LEARNING




2019 Projects



Machine Learning as a Tool to Predict the Mass
of Oil from Well Logs

Marcelo Guarido and Daniel Trad
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Feature

* Predicting Mass of Ol

Well 1AB080909312W400 (original)
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Predictions

Interpretation

Predictions
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Using Natural Language Processing and
Machine Learning to Predict Severe Injuries
Classification in the Oil and Gas Industry

Marcelo Guarido and Daniel Trad
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vyt Severe Injuries

TF-IDF (Term Frequency-Inverse
Document Frequency)

Common locally: x Global rarity:
TF(t,d) = fia IDF(t) = log( 1fm )

TF-IDF(t,d) = f.q - log( 1 fnt )

Data from the Occupational Safety and Health Administration of the United States Department of Labor (OSHA) 19
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https://www.osha.gov/

juries
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Top 10 Injuries (all industries)
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